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Argument 
based on defeasible reasons
● We bully freshmen into (if p then q) = (q v !p)
● We lie about this
● There are alternative ways to axiomatize conditionals

– e.g., counterfactuals + possible-worlds

● Maybe the real action is in the meta-language
– What can you construct?  Not how does it constrain?

– Process vs semantics; input/output vs representation; knowing vs meaning
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● is-reason-for(p, q)
– Like prob(p, q, k) 

● where p, q are sentences in L 

– See Kyburg (who cites Carnap)

● We say p >–  q
● But also p ^ r >–  !q
● Why?  Because most reasons are defeasible!

Defeasible reasons

Thesis advisor

Vienna Circle

My doctoral thesis
Is-reason is in the Meta-L

prob is in the Meta-L
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Arguments from reasons
● An argument is a chain of reasons 

– like a proof, but it matters what counter-arguments there are

– it’s just a tree, usually

● A dialectic is a set of arguments that counter each other
– it’s just a tree of trees, often

● Phan Minh Dung 
– is considered the canonical Abstract Argumentation System currently

– Many conferences in Europe each year

– see also Doyle, Pollock

First doctoral student
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● An argument is a chain of reasons 
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– it’s just a tree, usually

● A dialectic is a set of arguments that counter each other
– it’s just a tree of trees, often

● Phan Minh Dung 
– is considered the canonical Abstract Argumentation System currently

– Many conferences in Europe each year

– see also Doyle, Pollock

Fuzzy = 11644
Description = 10702
LP = 8263
Temporal = 5887
Lambda = 5835
Linear = 5340
Default = 5298
AGM = 3490
Mathematical = 3263
Decision = 3130
Circumscription = 3043
NatD = 2625
Modal = 2351 or 3530
Events = 2196
CLP = 2138
Probabilistic = 1643
Dynamic = 1592
ILP = 1255
Deontic = 1229
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Specificity and Analogy
● If (p >– q) and (p ^ r >– !q)

– p ^ r is more specific 

– so it defeats/dominates

● Like 
– prob(q | p) vs prob(q | p^r)

● Most useful in analogies 
– Arguably q, as in case1, which shares p

– Arguably !q, as in case2, which shares both p and r
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Formal model of precedent in Law
● Because these args are 

not orderable by specificity
● A judicial decision that c 

produces a “rule of the 
case”
– Even when f6, f7,

– Decide c when f1 and f8

– Even when f3, f4, f5 too
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Arguments for milestones (2017)
● Argument in AI done deal
● EU work on argument+decision
● Life is not a lottery (economists lie!), 

but plans are extensible paths
● Paths are connected by arguments

– Sufficient probability

– Professional standard of care

– Commitments to mitigate risks

● New place for probability in risk management?
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Arguments for Milestones (2017)
Naturally more is assertible about earlier milestones
      but longer envisionment = better argument
      and wider description = better argument

A probability argument says later milestone
can be reached from prior

Counterargue:  e makes p(3|1,e) less than aspirational standard

Reinstate:  c makes p(3|1,e,c) again sufficient
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AI and Law
(my 1992-2012)
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AI and Law
(my 1992-2012)

First citation-based result ranking search engine
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AI and Law
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AI and Law
(my 1992-2012)
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AI and Law
(my 2016)



   27

Legal Terminology Extractor
D/R bias for terms ~ bipartisan in legislation
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Technical Terminology Extractor
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Equipment carried fwd
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Equipment carried fwd
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Profile / browser-suggestion privacy
● Generate fake searches / Inject noise / Hide signal

– Like NYU TRACKMENOT v1
● They went to browser plugin to simulate haptics in v2
● To hide from Google, Chinese govt
● !! the simpler problem is the bigger problem !!
● We add term extractor for defense against clustering
● We add search dialog grammar including typos, years, qualifiers, shorthands, 
● We add timing**

● Compare data masking, steganography, code obfuscation
● Plausibly deniable encryption “wrong” idea (DEFCON14 PDTK, GPN11)
● False positives particularly disruptive of deductive analytics

**algorithmic timing permits subtraction of noise given logs, with pattern matching, but does not permit the production without them
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Does it work?
● Ronald Loui

March 2 at 12:25 AM · 

ha ha i last ran my disinform-isp/youtube program over a year ago, and fb apparently just bought their crap data about 
me and fed me this. yeah, hockey fights, cheese making, and relocating to memphis videos. you think you know me, 
fb?

● Hockey Fights shared a link.

1 min ·

YOUTUBE.COM

Zdeno Chara fights Evander Kane 2/26/19

Zdeno Chara fights Evander Kane after a high hit, on February 26, 2019.
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Privacy can mean many things
● K-anonymity

– Who had the CABG

● Unlinkability
– Whose facebook account?

● Unobservability
– End-to-end encryption (detectable but not observable)

● Differential privacy
– What can be additionally learned by adding someone to a dataset?

● Etc.
● CS has been focused on the complex problems, but !! the simple one is more important !!
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Privacy can mean many things
● K-anonymity

– Who had the CABG

● Unlinkability
– Whose facebook account?

● Unobservability
– End-to-end encryption (detectable but not observable)

● Differential privacy
– What can be additionally learned by adding someone to a dataset?

● Etc.
● CS has been focused on the complex problems, but !! the simple one is more important !!

Mainly works at this, but also meta-knowledge
     like sharing a fb account or device
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GDPR:  Pseudonymized data
● To pseudonymise a data set, the “additional information” [to re-identify] must be 

“kept separately and subject to technical and organisational measures to ensure 
non-attribution to an identified or identifiable person.”

● Pseudonymous data still allows for some form of re-identification (even indirect 
and remote), while anonymous data cannot be re-identified.

● Both pseudonymisation and anonymization are encouraged in the GDPR

https://gdpr.report/news/2017/11/07/data-masking-anonymisation-pseudonymisation/

● Scrambling letters, key-based hashing/encrypting, blurring (generalization)

https://gdpr.report/news/2017/11/07/data-masking-anonymisation-pseudonymisation/
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Our Values
● TM:  Rights frameworks in the brick and

mortar world should be
imported into the digital world

● One analog right is 
not to be known precisely

● Or with the presumption of precision

● Things were largely ok w.r.t. actual harms (cf. Posner) until FB knows/claims-to-know too much!

The Reality of U.S. Privacy Law: Does It Exist?
Cloudflare Published on Oct 18, 2018
https://www.youtube.com/watch?v=9BtxkgD4cVo
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US Sector-Based Approach?
● EG:  “there are some benefits to optimizing the privacy rules in particular contexts”  
● They don’t agree, but I agree with both!
● Loui-Quick-Lodder: “for user-profiling

in non-scientific/non-medical sectors, 
persons should enjoy the right to imprecision AT + DURING STORAGE”
– One kind of deniability

– One kind of inference moderation

– Compare “right to be forgotten”

– Compare non-discrimination laws

– Compare canine search, high precision/infrared video into homes
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Compared to GDPR
GDPR PROPOSAL FOR US

General Ad Sectors/User-Profiling on User-Data

Perfect table, Hide cells Some perfect rows, somef fake rows, cols, 
cells

Require key to dehash/decrypt Requires AI+stats+human to denoise

BUT keys can be stolen w/o knowing BUT generates false positives

Needs to be obscured start to finish Noise can be added at will, post facto

Requires user trust, compliance audit Can be user-generated w/o trust

Increases read/write time Increases bandwidth/storage/write time

Recommended Required
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Why?
● Why should user-profiling for suggestions (esp. ads or targeted messaging) 

have the license to
– Store (where it can be stolen, hacked)

– Precise + HighDef + Reviewable + Learnable + Conjoinable + Complete + Consistent

– Highly infallible (prob > 1-e)

– Incorrigible

– Persistent (prob(t) ~ prob(t+1))

– Perfectly attributable/linkable

data for this purpose?  
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Why?
● Is the quest for perfection even economically sensible?

– Is it real epistemological precision
● Or simply wishful thinking
● And harmful allegation/promulgation

– What cost false positives in
the ad world?  

– Even in law enforcement, awareness
of fallibility is a good thing:

● cf. 3-hop SNA for NSA = tons of false positives
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● “In an arms race between AI on the user side and AI on the analytics side, probably 
enough doubt could be retained for deniability. … [S]uch a race can be avoided simply 
by deliberately reducing precision, unilaterally, by those who do user profiling analytics.”

● “They could achieve this simply by adding about 33% fairly random suggestions 
whenever they make suggestions from a user profile, i.e., by being deliberately less 
accurate. No doubt reduced accuracy would also reduce some of their costs, because 
70% good enough, which is [yet] very helpful, is cheap compared to near perfection, 
which helps no one.”

(from my Plausible Deniability for ISP Log and Browser Suggestion Obfuscation 2017)

● If they won’t do it willingly, we can pass a law. 
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Comments?
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